B 5F(A R
2000 £ 9 H

5 9 i1

R B AR

Journal of Image and Graphics

Vol.5(A),No.9
Spet. 2000

BIRFFHE R SRECER I RIERE X
2 B

(LB FREM BRI R PO, & 230039) (ZHWRYHEERY%R, & 230039

B F ESEAER IR H R R — R Ay vE. O H IR A TN P S SR S 2 I B e UL
. Z 3 UAE S Umeyama FAEA I B O FEAL, 455 Procrustes IERUAL vk, W 51 A INBUHE EE, LLAAS 28T K AR
RPE R PR A, T EE T — i B SRR A RSB UL C R 30T 7 ¥, R T A 4 5 vk B SR R AR R B30 [ P s . 23 kR
S, SRR JUAT SR B, 4B [R] 10 P s 5 ] 45 2KS AA C . SCRp 4t 00 0 SR RO M 45 U T, 204 7 8 A AT R
T AL G AL eI 0T B AR TR, 38 mT A BRE A B v, 10 HLZ 0 V56 4EB0AS (R 11D s 4 b m 2 SO0RS A T o
XA KEZREHE  Procrustes IEMAL Mk B

hEESES: TP391.41 XHEAFRIRAD: A XEHS: 1006-8961(2000) 09-0755-04

Iterative Weighted Correlation Registration
Algorithm for Feature Point Sets

LUO Gang
(Research Center of Special TV Technology of Anhui University, H ef ei 230039)

LUO Bin
(Electronic Engineering and Inf ormation Science Dept. of Anhui university, H ef ei 230039)

Abstract Image registration is a fundamental object recognition method in computer vision. It aims to find a best
match of an object image in an image to be processed. In this paper, we concentrate on image registration from
image feature point-sets. A new method is proposed which is based on the conventional correlation measure of two
point-sets which was introduced by Umeyama. The traditional Procrustes analysis method is used to normalize the
point-sets. The novelty of the proposed method is by introducing a weight matrix into Umeyama’s correlation
measure the limitation of the traditional method, which requires the dimensions of both point-sets to be the same,
is released. The proposed method can register two point-sets with geometrical distortion and different dimensions.
Point-sets registration results are given in the paper. When the dimensions of both point-sets are the same, both of
the proposed method and the traditional method work well. But when the dimensions are different, only the

proposed method can register point—sets precisely.
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